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1. Introduction 

 
The rapid advancements in Artificial Intelligence (AI) are reshaping industries, economies and societies globally. This 

transformative potential is deeply reliant on the availability of vast, diverse and high-quality datasets. A dataset refers to a 

collection, arrangement or compilation of various forms of data presented in a specific manner for an identifiable purpose.1 The 

related content and purpose make datasets highly relevant and indispensable for AI innovation. Standard public open licences 

(SPOLs) – which provide predetermined terms for access, reuse and/or redistribution of data with minimal restrictions – have 

emerged as key tools for distribution and sharing of datasets.2 Widely used SPOLs for sharing datasets include Creative 

Commons Zero (CC0), CC BY (Attribution), CC BY-NC (Attribution-NonCommercial), Apache 2.0, Business Source Licence 

 
1 Renear, Definitions of Dataset, 1. 
2 An open licence is one that grants permission (without prior request) to access, reuse and redistribute a work with few or no restrictions. 

The reference to standard and terms already set differentiates this kind of open licence from other licences that grant permissions for access 

and use of protected materials freely to specific and known private persons or entities. 

This article examines the relationship between Standard Public Open Licences (SPOLs) and inequity in the artificial 

intelligence (AI) innovation ecosystem, focusing on how these licences affect access to and use of African datasets. 

While SPOLs are widely promoted as tools for democratising data access, they often apply uniform conditions to all 

users, disregarding disparities in infrastructure, capacity and socioeconomic context. As a result, SPOLs may 

unintentionally reinforce exclusion and enable extractive data practices that disadvantage communities contributing 

valuable datasets that they have preserved and curated through historically challenging conditions. The study employs 

a desktop literature review of primary and secondary sources, complemented by analysis of specific case studies from 

the Masakhane Research Collective in Natural Language Processing and qualitative vignettes based on real-world 

experiences to identify inherent and systemic limitations of current SPOLs. The research shows how existing SPOLs, 

particularly those founded on copyright law, fail to accommodate the positionality of African and similarly situated 

users in the global data economy. In response, the article introduces the Nwulite Obodo Open Data Licence (NOODL 

Licence), a novel, tiered SPOL designed to foster equitable openness. NOODL differentiates conditions of use based 

on users’ geography and development context, incorporating benefit-sharing obligations and context-sensitive terms. 

It maintains the simplicity and legal clarity of existing SPOLs while addressing their inequities. By critically analysing 

the overlooked relationship between SPOLs and inequity, this article contributes a practical, context-aware licensing 

alternative that centres communities. While grounded in the African experience, the NOODL framework offers a 

replicable model for promoting fairness and inclusivity in global data governance and AI innovation. 

 

https://lthj.qut.edu.au/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/


Volume 7 (3) 2025         Okorie and Omino 

 95  
 

2.0 (BSL 2.0), and the Community Data License Agreement 2.0. These licences promote AI innovation3 and simplify data 

dissemination by offering legal clarity and enabling global interoperability.4 

 

However, as the demand for open data from low- and middle-income countries (LMICs) grows, critical questions arise 

regarding ownership, control and the equitable distribution of benefits.5 While SPOLs promote openness,6 they often fail to 

address imbalances in power and access – particularly when datasets originate from under-resourced communities but are 

primarily exploited by better-resourced global actors.  

 

One example is the Creative Commons Zero (CC0) licence, which places data in the public domain. While seemingly 

empowering, CC0 often enables extraction without reciprocal value or recognition. For instance, when linguistic or cultural 

data from marginalised communities are reused by commercial entities, the lack of protections may reinforce existing inequities 

– a phenomenon sometimes termed ‘digital colonialism’.7 Such dynamics hinder inclusive innovation and contribute to the 

global inequality in AI development. 

 

SPOLs also present systemic, technical and legal shortcomings that complicate their application across diverse socioeconomic 

and cultural contexts. While many studies highlight the benefits of SPOLs – particularly their alignment with the principles of 

responsible and ethical AI – their potential to produce or reinforce inequities within the data ecosystem is less frequently 

addressed. These inequities, understood here as injustice occasioned by equality or inequality, are especially pronounced in the 

context of African datasets.8 Despite longstanding debates over the existence of property or licensable rights in such datasets,9 

and the broader questions about the appropriateness of SPOLs within African legal and ethical contexts,10 recent experience 

shows that SPOLs remain a popular choice for sharing African datasets. 

 

On the one hand, SPOLs are widely celebrated for enabling clear relinquishment of rights in licensed materials (including 

datasets), offering transparent specifications for reuse,11 and fostering innovation and collaboration through streamlined 

permissions and global interoperability.12 On the other hand, they have been critiqued for failing to respond adequately to the 

power asymmetries and contextual differences that characterise global data ecosystems. For example, ambiguities around terms 

such as ‘non-commercial’ in Creative Commons licences have generated uncertainty for dataset users, contributed to potential 

loss of income for data creators and limited sublicensing options.13 SPOLs also lack robust enforcement mechanisms and make 

it difficult for licensors to prove damages in cases of violation or misuse.14 Specific SPOLs such as the CC0 licence, which aim 

to waive all rights for maximal openness, may clash with national laws – particularly in Europe, where moral rights cannot be 

waived – thereby undermining the legal certainty that SPOLs claim to offer.15  

 

Moreover, the one-size-fits-all approach of SPOLs fails to account for key contextual factors such as differences in 

technological infrastructure, institutional capacity and legal systems. As a result, dataset users in high-income countries are 

typically better equipped to extract value from open datasets, while users in African and other low- and middle-income countries 

often lack the same capacity. This creates structurally unequal outcomes under formally equal licensing terms, a dynamic that 

reproduces rather than redresses global data inequities. 

 

In the African context, SPOLs continue to be promoted as valuable tools for enabling broader access to datasets and accelerating 

AI development.16 However, their limitations have spurred interest in less-restrictive SPOL variants – such as CC0 – as more 

suitable options for the dissemination and distribution of datasets.17 While zero-restriction licences are often seen as optimal 

 
3 Labastida, “Licensing FAIR Data,” 199–202; Schindler, “Data Documentation.” 
4 Goss, “Codifying a Commons,” 965; Forsythe, “Creative Commons,” 346–348; West, “Little Victories,” 903. 
5 Craig, “The AI-Copyright Trap,” 7–10; Okorie, “Challenges of Copyright.” Also, Senftleben, “Generative AI,” 1535–1540. 
6 Labastida, “Licensing FAIR Data for Reuse,” 199–202; Schindler, “Data Documentation Beyond Provenance.” 
7 Coleman, “Digital Colonialism,” 417. 
8 An African dataset is a collection, arrangement or compilation of various forms of data about or from African people, African language, 

culture, resources or environments, presented in a specific manner for an identifiable purpose. Adapted from the definition of ‘Māori data’ in 

Te Mana Raraunga, “Māori Data.”  
9 Craig, “The AI-Copyright Trap,” 7–10. 
10 Okorie, “Challenges of Copyright.” See also Senftleben, “Generative AI,” 1535–1540. 
11 Goss, “Codifying a Commons,” 965; Forsythe, “Creative Commons,” 346–348. 
12 West, “Little Victories,” 903. 
13 Artusio, “A Sui Generis Challenge”; Geiger, “Freedom of Artistic Creativity,” 413–415. 
14 Labastida, “Licensing FAIR Data for Reuse,” 199–202; West, “Little Victories,” 903. 
15 Labastida, “Licensing FAIR Data for Reuse,” 199–202. 
16 Ncube, “Intellectual Property and Fourth Industrial Revolution.”  
17 Okorie, “Challenges of Copyright.”  
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for openness, licences such as the Creative Commons Attribution ShareAlike licence, with their reciprocal use obligations, are 

still considered relevant in contexts where ethical data reuse and redistribution are concerns.18 The complexity of legal and 

regulatory frameworks surrounding data, particularly when combining data from multiple sources with different SPOLs, also 

introduces significant legal uncertainty, exacerbated by the absence of comprehensive compatibility information or guidance.19 

Additional concerns include the potential for misuse of licensed data,20 whether through non-compliance with licence terms or 

by using the data in ways that were never intended by the original creators.21 Nevertheless, SPOLs remain highly regarded in 

scholarly and policy circles for advancing the FAIR data principles – ensuring that datasets are findable, accessible, 

interoperable and reusable.22 

 

In most studies of the use of SPOLs for sharing datasets, these licences are portrayed as tools that democratise data access and, 

in doing so, accelerate AI innovation.23 Their emphasis on openness, standardisation and permissive reuse is widely viewed as 

central to advancing technological development. However, much of this literature overlooks a critical dimension: the structural 

inequities that arise from applying SPOLs to African datasets specifically.24 Because SPOLs are designed as public and uniform 

instruments, they typically treat all users as part of a homogeneous global community, without acknowledging or accounting 

for the significant disparities in the positionality, capacity and access to infrastructure needed to make meaningful use of the 

licensed datasets. This universalist approach assumes a level playing field where one does not exist. In the context of African 

datasets, this results in inequity – namely, injustice that stems from treating unequally situated actors as if they are the same. 

For example, users in high-income countries often benefit from the well-established technological ecosystems, robust 

institutional support and advanced computational infrastructure needed to make speedy and meaningful uses of datasets for AI 

innovation. In contrast, users in Africa and other developing regions frequently face limited connectivity, resource constraints 

and restricted access to AI tools – all of which undermine their ability to derive comparable value from the same open datasets.25 

The identical licensing terms, when applied across these unequal contexts, produce asymmetrical outcomes. Far from levelling 

the playing field, SPOLs can entrench disparities in who benefits from open data and who remains excluded from its promise 

– injustice brought about by treating unequal persons the same or equally. 

 

Conventional open data licensing models, including SPOLs, fall short of facilitating equitable data-sharing or ensuring fair 

benefit distribution, particularly for historically marginalised or under-resourced communities. Without new approaches that 

incorporate reciprocity, recognition and context-sensitive terms, data governance risks reinforcing global inequality.  

 

To illustrate these systemic issues and concerns, this article uses a set of vignettes, each of which highlights real-world 

consequences of applying SPOLs to datasets originating in Africa. These stories humanise the abstract problem of licensing 

inequity and demonstrate why reform is urgently needed. Further, this article proposes and explores a novel solution to the 

problem: the Nwulite Obodo Open Data Licence (NOODL Licence).26 NOODL introduces a tiered licensing structure designed 

to address the inequities embedded in current SPOL frameworks. It seeks to enable differentiated access and benefit-sharing 

arrangements that align with the capacities and needs of diverse data users. The article further demonstrates how a novel, tiered 

data licensing framework such as the NOODL Licence can serve as an effective tool for redressing inequities embedded in 

traditional open data models, highlighting the implications for inclusive data governance and AI development in the Global 

South. 

 

This study contributes to global debates on data ethics, legal innovation and equitable AI by examining a practical alternative. 

NOODL is a new initiative developed in 2024 by the authors of this article through collaboration with African dataset creators 

and other legal scholars. Unlike existing SPOLs, NOODL integrates contextual access controls, benefit-sharing obligations and 

culturally sensitive provisions into its framework. Its proposal represents a significant shift from merely identifying problems 

to offering actionable, locally grounded solutions. By critically analysing both the limitations of current SPOLs and the potential 

of NOODL, this article offers meaningful insights for policy-makers, dataset owners, developers and communities advocating 

for equitable AI. It builds a foundation for rethinking data governance models that are not only open but also fair, inclusive and 

culturally relevant in the African context. 

 

 
18 Szkalej, “Generative AI,” 313. 
19 Artusio, “A Sui Generis Challenge.” 
20 Khayyat, “Open Data Licensing,” 231–233. 
21 Geiger, “Freedom of Artistic Creativity,” 413–415. 
22 Margoni, “The Role of Licensing.” 
23 Margoni, “The Role of Licensing.” 
24 Siminyu, “Consultative Engagement of Stakeholders,” 5. 
25 Widder, “Open for Business,” 5; Siminyu, “Consultative Engagement,” 5–6; Okorie, “Challenges of Copyright.” 
26 See www.licensingafricandatasets.com  

http://www.licensingafricandatasets.com/
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The rest of this article is presented in four sections. Section 2 maps the relevant properties of datasets reflected in key provisions 

of SPOLs, focusing on the six Creative Commons Licences, Apache 2.0, BSL 2.0 and Community Data License Agreement 

2.0. This is followed in Section 3 by vignettes based on discussions with African data owners, illustrating inequities in the open 

data licensing environment. Section 4 proposes the NOODL Licence as a novel framework embodying tiered access, contextual 

justice and value-sharing mechanisms, which addresses the identified inequities. Section 5 concludes with key insights, policy 

implications and directions for further research. 

 

2. Analysis of Standard Public Open Data Licences 
 

In describing a licence, in Thomas v Sorrell, Vaughan J stated: ‘A dispensation or licence properly passeth no interest, nor alters 

or transfers property in anything, but only makes an action lawful, which without it had been unlawful.’27 Contextualised to 

African data and African datasets, a licence is permission to use data and datasets belonging to specific African person(s) such 

that, without the permission, the use would be infringing and/or unlawful. As such, a data licence arises because the person 

granting it has the power or legal right to do so. This power can emanate from various sources such as law, custom or usage.28 

This article focuses on the dataset owner’s own volition in relinquishing some or all of the rights they have over the data/datasets 

and giving it to another. These rights may arise as a result of a broad range of regulatory frameworks: copyright law, data-

protection law and mechanisms such as contracts, trade secrets, confidentiality measures and technological protection measures 

that are not explicitly statutory. To illustrate these bases for data licences, four projects undertaken by Masakhane Research 

Foundation – Masakhane MT, MasakhaNER, MakerereNLP and NaijaNLP – are helpful.29 

 

Masakhane MT resulted in the production of a multilingual (six diverse African languages) scientific parallel corpus of African 

research, which could be used to, inter alia, create a machine translation tool for African universities to ensure accessibility of 

their publications. MasakhaNER involved the creation of monolingual new corpus, parallel datasets for various translated 

languages and the named entity recognition (NER) and parts of speech (POS) annotated datasets. In MakerereNLP, the outputs 

included text datasets and speech datasets for specified African languages, while NaijaNLP resulted in the creation of sentiment 

corpus, sentiment lexicon and hate speech lexicon. These datasets from these projects are licensable because of the legal rights 

inherent in them by virtue of either or all of copyright law, contractual obligations, confidentiality or technological protection 

measures (TPMs). Further, open licences have been utilised as the form of data licences with which to disseminate these outputs: 

Creative Commons License (CC-BY 4.0) for outputs from Masakhane MT, NaijaNLP and MasakhaNER, and CC BY-SA 

licence for outputs from MakerereNLP. 

 

The approach of utilising open licences, including those not designed specifically for licensing datasets, is not limited to 

Masakhane projects. Across Africa and the rest of the world, open licences designed (mainly) for sharing software (e.g. MIT 

License), databases (e.g. Open Database License) and/or copyright-protected materials (e.g. Creative Commons Licences) have 

become increasingly popular for sharing and licensing datasets. These are SPOLs, by the adoption of which any data/dataset 

owner(s), holder(s) and/or custodian(s) can prospectively provide access to their data/dataset to any member of the public who 

wants to use the  data/dataset on the terms of the relevant licence. Below, we highlight some of the key aspects of the following 

SPOLs: Creative Commons; Open Data Commons; Community Data License Agreement; MIT License; Apache License 2.0 

and BSD 4-Clause License:  

 

• Licensed rights: These are the rights the dataset owner has or exercises over the dataset. Generally, the licensed rights 

that may be explicitly granted or withheld are: the right to reproduce and share the dataset through any means that 

allows the public to access them; use of the datasets for commercial purposes; the right to circumvent TPMs or make 

modifications that allow the datasets to be accessed and used; moral rights, such as the right of integrity; publicity, 

privacy and/or other similar personality rights; patent rights; trademark rights; the right to collect royalties for the 

licensed rights; and sui generis database rights. 

 

• Conditions/pricing model/licensees’ obligations: The fact that SPOLs are open does not remove the imposition of 

conditions of use on the licensees/dataset users. Indeed, it is the licensee’s adherence to the conditions of use that 

makes the licensed use of the dataset valid. The commonly imposed conditions of use include attribution of some sort; 

the requirement to share any modifications to the datasets using the same or similar licence as the one used to access 

the licensed material in the first place (so-called share-alike obligations); and the requirement to include a statement 

of significant changes made to the licensed material. 

 
27 Para. 351. 
28 Mysoor, Implied Licences in Copyright Law, 12. 
29 Masakhane, “Ongoing Projects.” 
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• Data quality: In SPOLs, licensors offer the licensed materials as is and make no warranties. Liabilities are also not 

accepted. In essence, no information is provided about the quality of the licensed material and no liability is accepted 

if the licensed material is found wanting in any way. This can be a problem for openness of AI models.30 

 

• Parties: SPOLs indicate that the licence is between the licensor and each/any person using the work or exercising the 

licensed rights. This means all users, regardless of status, capacity and/or identity, are permitted to exercise the licensed 

rights. 

 

3. Picturing and Defining Inequity in Standard Public Open Data Licences for African Datasets  

 

3.1 Vignettes of Inequity31  

Inequity is a by-product of SPOLs when used to disseminate African datasets. To demonstrate the lived consequences and the 

systemic challenges of applying SPOLs to African datasets, this section presents two vignettes, each of which illustrates a 

specific facet of inequity. The first vignette (Kelebogile, Omphile, Katlego, Masana) foregrounds issues of benefit-sharing, 

exploitation and infrastructural disparities. The second vignette (Nthenya and Lungati) emphasises sustainability, licensing 

dilemmas and the broader implications for community-centred innovation. Together, they provide grounded examples of how 

open licensing mechanisms can produce unequal outcomes for under-resourced communities. 

 

3.2 Kelebogile, Omphile, Katlego and Masana 

Consider these four African researchers, freelancers and techpreneurs: Kelebogile, Omphile, Katlego and Masana. Kelebogile 

is a content creator who creates content in Setswana. Her current project, creating a series of educational videos about 

indigenous plants, is proving a nightmare. The auto-correct function on her laptop continually ‘corrects’ Setswana words into 

English. Finding accurate pronunciation and spelling of some Setswana words is also hard because, even though Kelebogile 

learnt Setswana at home, she lives in Cape Town and does not hear Setswana spoken in her day-to-day interactions. Her aunt 

and her aunt’s church group send her voice notes on WhatsApp pronouncing the names of various indigenous plants in 

Setswana. Omphile, a linguist, is collaborating with a tech startup developing an NLP model for Sesotho. The project is close 

to her heart – a way to preserve her grandmother’s tongue. But the lack of standardised Sesotho orthography and the scarcity 

of annotated data are major roadblocks. She knows that a robust digital dictionary and funds to train the model on the nuances 

of different dialects would make a huge difference. Katlego is a translator and is currently working with an international news 

agency which has engaged her to translate a story about local innovation from English to Setswana. The challenge is not just 

the technical jargon; it is finding the right words to convey the spirit and cultural context of the original article.  

 

These three meet at a conference and share their frustrations. Masana, a data scientist, is their mutual friend. Her work at the 

university and as a tech startup founder focuses mainly on African NLP, so she identifies with these frustrations. All four agree 

to collaborate on a project to create robust, human-annotated data and a comprehensive named-entity recognition (NER) and 

parts of speech (POS) corpus for 20 diverse African languages. They plan to undertake this project with other collaborators 

who speak and/or work on different African languages, including Igbo, Hausa, Twi, Swahili and Dholuo, in the African NLP 

space. 

 

The challenges are immense: data scarcity; issues around copyright and contractual clearance needed to access any existing 

data/datasets; linguistic complexity; and getting the cooperation and trust of local and native speakers that can donate text and 

speech data in their language or review donated and/or annotated data to ensure accuracy. They debate translation strategies, 

navigate licensing agreements and meticulously review annotations. After months of hard work and with everyone contributing 

both time and money and a grant from a funder collective – the Akunnaonye Fund – Kelebogile, Omphile, Katlego, Masana 

and their collaborators across Nigeria, South Africa, Kenya, Uganda and Ghana succeed in creating robust, human-annotated 

data and a comprehensive NER and POS corpus for 20 diverse African languages. They all want people, especially researchers 

and tech startups like them across Africa, to easily access these outputs and advance African languages in AI innovation. 

Akunnaonye Fund advises that it has applied the CC0 licence to this work to ensure that everyone can easily and freely access 

the work. 

 

 
30 Widder, “Open for Business,” 5. 
31 The cases presented here are based on the authors’ personal discussions and regular engagements with data scientists, AI innovators, tech 

start-ups, (computational) linguists and tech enthusiasts across Africa at conferences, workshops, seminars, work dinners and so on between 

2019 and 2024. The conversation and engagement remain ongoing. 
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Shortly after the release of the data and the NER and POS corpus, a global tech giant uses these resources to create a commercial 

AI-powered translation tool. The tech giant puts a lot of effort into marketing this tool, promoting its accuracy and advanced 

features. But the price is exorbitant in various African countries. Local schools, town halls and community centres, tech startups 

such as Masana’s, and the individuals and researchers who had eagerly contributed to the project find that they are unable to 

afford it. There is a deep sense of betrayal. Hadn’t they shared their stories, their language, their very culture, with the 

understanding that it would benefit their community? 

 

The project led by Kelebogile, Omphile, Katlego and Masana had envisioned a tool that would empower their communities, 

not exclude them. The CC0 licence, meant to foster collaboration and accessibility, had inadvertently enabled their community’s 

contributions to be exploited for profit, leaving them behind. The use of the CC0 licences meant all users of the tools were 

treated equally and granted the same and equal access to the tools. While the African NLP researcher, African tech startup and 

global tech giant all had access to the datasets because an open licence made that possible, their respective uses of the dataset 

depended mainly on the kinds of resources and infrastructure (including access to computers and existing development 

frameworks, among others) that they owned or (may) have had access to. But SPOLs disregard these contextual differences 

between users, resulting in inequity. 

 

3.3 Nthenya and Lungati 

Nthenya is from Kenya and, as a data scientist, understands the deep connection between her community and the land. She 

knows the local dialect, the intricate farming practices passed down through generations and the unique challenges faced by 

smallholder farmers. But she also knows that this knowledge, vital for agricultural innovation, is largely undocumented and 

inaccessible to researchers and policy-makers. Lungati is a computer scientist, and part of a team building a machine learning 

model to predict crop yields and optimise fertilizer use. He understands the technical requirements for a robust dataset – clean 

labels, standardised formats and diverse samples. But Lungati is removed from the realities on the ground. He struggles to 

bridge the gap between raw data and meaningful insights that could truly benefit farmers. 

 

Nthenya and Lungati are brought together by a mutual friend, both driven by the desire to use their skills to address the 

challenges facing the agricultural sector in Kenya. They recognise the potential of AI, but also the critical need for data that 

accurately reflects the complex social and ecological landscape. Their project, Mkulima, aims to create a labelled dataset of 

crop images, annotated with information about plant health, soil conditions and farming practices, all grounded in the local 

context. They are fortunate to receive a startup grant to fund the first few years of the project. The grant is given with the 

expectation that the project will become sustainable over time and fund its continued existence. Nthenya’s expertise is crucial 

for identifying key variables, ensuring culturally appropriate data-collection methods and translating local knowledge into 

standardized labels. Lungati’s technical skills are essential for designing the data-collection platform, implementing quality 

control measures and preparing the dataset for machine learning applications.  

 

They partner with local farming cooperatives, training community members to use mobile apps to capture images of their crops 

and record relevant information in their local language. Nthenya works closely with the farmers, explaining the project’s goals 

and addressing their concerns about data privacy and ownership. She understands that trust is paramount, and that the data will 

only be valuable if it truly represents the farmers’ experiences and perspectives. Lungati focuses on building a user-friendly 

platform that can handle the diversity of local dialects and capture the nuances of agricultural practices. He incorporates 

feedback from the community, ensuring that the technology is accessible and adaptable to their needs. The project is not without 

its challenges. They encounter issues with internet connectivity, language barriers and the time-consuming nature of manual 

annotation. But Nthenya and Lungati persevere and Mkulima becomes more than just a dataset. It provides a bridge between 

communities and technology, between local knowledge and scientific innovation.  

 

At the largest gathering of African AI researchers, Nthenya and Lungati meet Kelebogile and others who share their frustrations 

about using SPOLs to make their work publicly accessible and available. Nthenya and Lungati are understandably anxious, 

which leads them to ask themselves questions: should they use the Creative Commons Attribution NonCommercial No-

Derivatives Licence that required attribution from users and disallows commercial uses and modification or adaptations of the 

datasets? At least that would mean they will not suffer the same fate as Kelebogile – but will everyone still have non-commercial 

access to the datasets? Also, does it mean that everyone is restricted from improving the datasets or building tools from them? 

Should they use the Open Data Commons Attribution (ODC-BY) licence? That may mean they will suffer the same fate as 

Kelebogile, even though their authorship will be acknowledged by users. Come to think of it, how does using any of these 

licences help them fulfil their obligations to become financially sustainable over time? What about combining and using two 

or three of these SPOLs? That brings to mind what Lungati’s friend from Nigeria often says about choices. Onyemaechi would 

say that when it comes to African datasets, these licences are like mma abuo di n’ulo onye ubiam: nke nwere isi adighi nko; 
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nke di nko enweghi isi.32 Combining two or three SPOLs is not a workable solution – each licence has something to commend 

it, but also something that makes it a bad choice.  

 

All that is needed for inequity to result from applying the SPOLs to these African datasets is for one entity with bigger resources 

to use the datasets to develop a proprietary AI system or use the datasets to sell another product or service. With several 

resources at its disposal, in the time that it takes a global tech startup to create a product or service based on the datasets, 

Nthenya and Lungati will still be struggling with writing and presenting proposals to access additional funding to scale their 

operations. SPOLs work differently for global tech giants: they are empowering, enabling innovation. But for people like 

Nthenya and Lungati, SPOLs hamper them compared with their developed country counterparts. Smallholder farmers could be 

priced out or, worse, they could be paying for a product they contributed to building; they could be exposed to unwittingly 

sharing land title information that could lead to land grab or loss because developing AI for sectors such as agriculture and 

climate change may sometimes require the use of Earth observation data or training datasets, which in some instances include 

land boundaries of farms, among other things.33  This illustrates inequity in SPOLs for African datasets. 

 

Together, these vignettes illustrate how, by ignoring contextual inequalities among data users, SPOLs can reinforce structural 

barriers rather than dismantling them. They underscore the need for a more responsive, flexible and equitable licensing approach 

that accounts for disparities in access, infrastructure, positionality, capabilities and community expectations of dataset users. 

 

3.4 Defining Inequity 

As the above vignettes illustrate, a key feature of SPOLs is the grant of licensed rights to everyone regardless of identity and 

status. Whether a potential dataset user is a large technology company (so-called ‘Big Tech’) with access to computers, 

development frameworks and other infrastructure needed to make quick and meaningful use of the datasets and maintain its 

dominance in the AI innovation space or a small group of researchers in a university in Kenya or a tech startup in Nigeria, 

SPOLs allow them equal and same access to the licensed datasets. SPOLs treat all dataset users as if they were the same, and 

only provide for different licence elements (attribution, non-derivative, non-commercial, share-alike) to address the 

owner’s/licensor’s preferences on a predetermined set of issues, resulting in inequity. 

 

There is some discussion and conceptualisation of inequity in both scholarly and formal legal discourse.34 As a concept, inequity 

has been defined as “inequality or difference resulting from systematic or systemic unfairness”.35 It is a qualitative measure 

that focuses on the intersection between inequality – lack of sameness – and injustice – systematic or systemic unfairness.36 

Identifying inequity involves examining and understanding the contexts of relevant stakeholders and where the inequality is 

located.37 This article focuses on inequity as a concept that may apply in any human or social relations, specifically the use of 

SPOLs in sharing or granting use and access permission to African datasets and datasets from other under-resourced or 

historically marginalised regions. 

 

The case of Blind SA v Minister of Trade, Industry and Competition and 4 Others [Blind SA], decided by the Constitutional 

Court of South Africa (CCSA), offers a classic example of how inequity can be embedded in law while also presenting 

constitutional questions. In its decision, the CCSA highlighted the differences in the contexts of users of copyright-protected 

materials and noted that the inequality lies in the ability of users of copyright-protected materials to access copyright-protected 

materials.38 Such a difference was one that the Constitution of South Africa prohibited from being a basis for discrimination. 

According to the court, in paragraph 67: 

 

 
32 This was one of late Elder Benjamin Onyemaechi Okoli’s popular proverbs. The proverb is Igbo for saying that someone could have two 

useless or dangerous options because each option has both great and horrible qualities. The literal meaning is: ‘Two knives in a poor man’s 

house; the one that has a head is blunt, the one that is sharp has no head.’ 
33 If these data are opened up without the necessary privacy-preserving measures, there is a risk of exposing farmers’ locations, the size of 

their land and other sensitive information. Farmers are already hesitant to allow data scientists and AI developers to map without the necessary 

assurances of confidentiality and privacy. In contexts such as African countries, where land is very valuable, such exposure increases the risk 

of encroachment and land loss. To address these concerns, the Local Development Research Institute developed a toolkit to guide researchers 

on how to responsibly share their data for training AI and address these issues. See Local Development Research Institute, “AI Training 

Dataset Sustainability.” 
34 Galanter, “Why the ‘Haves’ Come out Ahead,” 100–104. Yuille, “Inequity as a Legal Principle,” 859.  
35 Yuille, “Inequity as a Legal Principle,” 868. 
36 Yuille, “Inequity as a Legal Principle,” 859. 
37 Kuttner, “Equity vs Equality Graphic.”  
38 Blind SA v Minister for Trade, Industry and Competition (2022) ZACC 33, 67.  
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Legislation that protects the rights of copyright owners must take account of the differential impacts of such protection 

upon different classes of persons. In this case, how the requirement of authorisation bears upon the access that persons with 

print and visual disabilities have to literary works in comparison to the access enjoyed by persons without these disabilities. 

Where those with print and visual disabilities suffer great and particular hardship by reason of the requirement of 

authorisation, the requirement cannot be applied as if all persons who need access to literary works are similarly situated, 

when they are not.  

 

With respect to SPOLs for sharing African datasets, the same conclusion is reached in this way. SPOLs that are used for sharing 

African datasets must take account of the differential impacts of such open access on different classes of persons – in this case, 

how the access to other resources and infrastructure needed for AI innovation bears upon the access that persons from Africa 

(and other developing countries) have to datasets compared with the access enjoyed by persons in developed countries. Those 

in the latter group have access to and control of other resources and infrastructure needed for AI innovation; when combined 

with African datasets, this puts them at a considerable advantage. Market dominance and open access to datasets cannot be 

designed and applied as if all persons requiring access to datasets were similarly situated when they are not – that would be 

inequitable. 

 

4. Addressing Inequity: The NOODL Licence solution 
 

In some ways, the inequities identified when existing standard open data licences are used to disseminate African datasets are 

an unintended feature of such licences. In a bid to create a simple, straightforward means for creators and developers to openly 

share their work, differences in the user ecosystem were ignored in the crafting of standard open licences. However, because 

the focus of these standard open licences has been on empowering the creator/developer to make a decision about how to share 

their work, the more appropriate view may be that the inequities are a by-product of standard open data licences specifically in 

the context of African datasets. 

 

Whatever the case, a solution that responds to the root cause of the inequity is necessary to restore equity. In this regard, the 

approach of the CCSA in Blind SA offers some guidance for addressing inequity caused by treating differently situated persons 

as if they were the same. According to the court: 

 
Sometimes, for the state to avoid unfair discrimination, it must treat people in the same way or make available the same 

entitlements. But sometimes what is required of the state is to recognise the differences between persons and to provide 

different or more favourable treatment to some, so as to secure non-discriminatory outcomes for all. This may appear 

paradoxical, but it is not, and cases of persons with disabilities well illustrate this principle.39  

 

In the context of SPOLs for African datasets, equitable openness would involve a licence that continues the convention of 

empowering or enabling owners of African datasets to openly and easily share their datasets, but does so in a manner that 

responds to the differences in the contexts of users of African datasets.40 While all dataset users may (and should) have access 

to and use permissions over the datasets, additional or different conditions of use and access, or both, should be imposed on 

better-resourced users of African datasets. To address the differences in the contexts of users of African datasets and the 

inequities that presents, SPOLs should take a broad(er) view of conditions of use. A SPOL that requires (certain) users to fulfil 

additional obligations as a condition for use may still be open insofar as some access and use is permitted. In this regard, 

exchange conditions calibrated to specific user contexts can address the inequities that arise from imposing the same conditions 

of use on all users. For African datasets, a SPOL is needed that gives African datasets owners a standardised way to grant 

differently situated members of the public the permission to use their datasets in a way that recognises and addresses such 

differences. From the dataset user’s perspective, the presence of such a licence in relation to an African dataset answers two 

questions: What can a user of my status do with this dataset? And how can I contribute to growing the innovation enabled by 

this dataset? In this regard, the dataset user is recognised and integrated into the creative and innovation process. 

 

Responding to the differences in the contexts of users of African datasets must also occur in a single licence document if the 

tradition of simplicity of sharing mechanism is to continue. Such approach also addresses that complexity of trying to decide 

between two or more licences to use in sharing African dataset across multiple users from different contexts. 

Table 1 presents an analysis of SPOLs that are used for sharing and licensing datasets, including the NOODL Licence discussed 

more fully in this article.  

 

 

 
39 Para 68. 
40 Okorie, “Challenges of Copyright.” 
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Table 1. An analysis of SPOLs that are used for sharing and licensing datasets 

 

 
 

 

The proposal outlined above is embodied in the Nwulite Obodo Open Data Licence (NOODL Licence) developed in 2024 by 

the authors of this article, with the collaboration of other researchers including from the Data Science Law Lab.41 It emerged 

in response to growing concerns that SPOLs, while valuable for enabling open access, were not designed to address context-

specific inequalities in data use. NOODL Licence is a tripartite licence between owners of African datasets, users in or from 

Africa and developing nations, and users outside Africa and developing nations. It is a unified licence offering one document 

for all parties, addressing their specific needs and contexts. NOODL builds upon the structure of SPOLs but adapts them to 

explicitly recognise disparities in capacity, infrastructure and benefit-sharing. This section outlines the key features of NOODL 

and how it proposes to rectify the systemic issues identified in the previous vignettes. 

 

Grounded in empirical insights drawn from real-world case studies and informed by comparative legal analysis, the 

development of NOODL responds directly to the central research question posed in this study: How can tiered licensing 

frameworks foster more equitable data-sharing and inclusive AI development? 

 

 
41 See also, Heikkilä, “Grassroots Effort.”  
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The NOODL solution grants permission over same or similar rights over datasets to both kinds of users or for both groups of 

users, but the conditions differ slightly. Users in or from Africa and developing nations are required to share alike with others 

(people and organisations) from Africa and from developing nations any modifications or adaptations or derivatives from the 

datasets, under the same licence that applied to the original dataset – that is, the NOODL Licence. Where such users intend to 

make commercial use of the datasets, this has to be outside Africa and developing nations. Essentially, they cannot sell products 

or outputs from the datasets to the members of their community. Users outside Africa and developing nations have the same 

obligation, but are also required to provide some kind of benefit or interest as may be required by the specific community that 

is sharing or licensing the dataset in question. This benefit could be in the form of monetary compensation, access to specific 

infrastructure such as computers, access to human and physical resources or equal collaboration arrangements.  

 

With this approach, the NOODL Licence joins the league of SPOLs and retains the benefits associated with SPOLs while 

addressing the inequity arising from such licences. Individual creators still have a standardised way to grant permissions and 

legal clarity in terms of their rights over their datasets. Community creators are empowered, and are afforded the option of 

choosing how to share datasets. With the additional conditions imposed on specific user groups, community creators can receive 

support for community-driven innovation.42 Dataset users continue to enjoy access to datasets under conditions that address 

their different contexts and positionality in the innovation ecosystem. AI and tech product developers have access to diverse 

datasets and clear guidelines on data usage. African NLP researchers and computational linguists have support for open data 

practices and enjoy enhanced collaboration and innovation, and dataset creators and communities enjoy fair compensation and 

benefits as well as protection against extractive uses of their datasets. Compensation here goes beyond monetary payment and 

can involve having a collaborative work arrangement where the people who created the datasets get to work on applications or 

models or products that are built on those datasets, together with whichever user is outside Africa or outside the developing 

nation. Funding organisations that require open licences for sharing outputs from funded projects have a simplified licensing 

process and an additional SPOL option that offers the assurance of community benefits. 

 

The key difference between the NOODL Licence and other standard open data licences is that in the NOODL Licence there is 

one licence document: an arrangement between the licensor and differently situated licensees as described in the licence, which 

imposes additional use conditions on users outside Africa or developing countries. In essence, the NOODL Licence creates a 

tiered arrangement of African dataset users. What distinguishes NOODL from other SPOLs is its built-in differentiation 

between user groups based on geography and development context, and its incorporation of community benefit obligations – 

all within a single, unified licence document. It does this while preserving the core features of openness. While most SPOLs 

apply a uniform set of terms to all users regardless of context, NOODL operationalizes fairness by tying access conditions to 

users’ geographic and economic positioning. 

 

5. Conclusion and Future Work 
 

Proposing a different approach to standard open data licensing and a different SPOL for African datasets represent an important 

early stage of the work being carried out in the licensing landscape in relation to AI innovation in Africa. Future work is 

necessary to propagate the new licence. Adding another licence to the mix – even one that addresses identified inequities with 

existing options – contributes to the proliferation of open data licences that may make it challenging and confusing for 

researchers and dataset owners, data-holders and/or data custodians to choose an appropriate licence. This problem does not 

mean the inequitable situation should be allowed to continue; instead, care should be taken and future work should focus also 

on providing comprehensive resources and guidance to the public on how to select appropriate licences. There is also a need 

for research and practical solutions towards the enforcement of the NOODL licence and a needed push towards an 

understanding of the value of African datasets and the bargaining power that value yields. This can help mitigate confusion and 

ensure proper usage. Furthermore, engaging the research community in discussions about best practices for data-sharing and 

licensing can help to establish clearer norms and expectations, reducing the likelihood of misuse. It is also important to adopt 

standard exchange conditions and undertake the creation of licence-compatibility tools that address the confusion arising from 

using diverse-licensed datasets.  

 

The current structure of the NOODL Licence for responding to the differences in the contexts of African dataset users is based 

on geography and economic development status. However, this is only one option. In some other cases, a sector-based approach 

to differentiation is appropriate – different kinds of datasets being licensed differently. Furthermore, while the NOODL Licence 

is a viable alternative for funding organisations to consider adopting or recommending as one of the licences for grantees to use 

in sharing outputs from funded projects, one step towards fairness and equity in the data landscape must be for funders to be 

more liberal in allowing grantees to choose from a range of open licences rather than contractually prescribing a specific open 

 
42 Wairegi, “Just Because You Can”; Okorie, “Challenges of Copyright.” 
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licence for grantees to use to share their outputs. Although this article focuses on African datasets, the broader framework of 

the NOODL Licence may also be applicable to similarly situated communities in other developing regions, where comparable 

inequities in data access and benefit distribution persist. 

 

The call in this article for an equitable principles-based approach to open licensing therefore seeks to make equity, rather than 

equality, the foundation of open licensing of datasets in the African context. But it is recognised that, due to the current limits 

of technology, multiplicity of open licences for datasets may be difficult for persons without legal training to navigate and it 

may be difficult to enforce the terms of a publicly available open licence for datasets that are equally made publicly available. 

For example, once datasets are made publicly available using an open licence, licensors may not be able to trace, let alone 

proceed against, potential infringers and/or those who go ahead contrary to the licence terms. In these cases, it is proposed that 

government bodies establish and enforce a standard to which all AI developers should adhere in using datasets emanating from 

other persons.  

 

Finally, while an alternative open licence can address some of the inequities in the data ecosystem towards building ethical AI 

and innovation generally, licensing is just one approach to dealing with the broader inequities in the global AI ecosystem and 

more work is needed to address other equitable approaches for a better AI ecosystem.  
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